Dimensionality reduction
end
Representational learning



PCA: Principal Component Analysis
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Linear transformation that maximizes variance
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PCA of MINIST data
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(a) Visualization by PCA.

Preserve large pairwise distances
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Local Linear Embedding

(b) Visualization by LLE.




(van der Maaten, Hinton 2008)
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c) Visualization by parametric t-SNE.
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(b) Visualization by an autoencoder.
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